Which cues do listeners use? Discovering networks of phonetic cues
for speech sound categorization using a graph theoretic approach
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METHOD Phoneme identification probability by cue-value (all cues in dataset) DISCUSSION

Acoustic data: * 107 unique cues connected all listeners

« 23 acoustic cue measurements

* Many cues are relevant in sound
across eight fricatives (/f,v,0,8,5,2./3 /)
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